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SUMMARY

In this paper, proper orthogonal decomposition (POD) is combined with the Petrov—Galerkin least squares
mixed finite element (PLSMFE) method to derive an optimizing reduced PLSMFE formulation for the
non-stationary conduction—convection problems. Error estimates between the optimizing reduced PLSMFE
solutions based on POD and classical PLSMFE solutions are presented. The optimizing reduced PLSMFE
formulation can circumvent the constraint of Babuska—Brezzi condition so that the combination of finite
element subspaces can be chosen freely and allow optimal-order error estimates to be obtained. Numerical
simulation examples have shown that the errors between the optimizing reduced PLSMFE solutions and
the classical PLSMFE solutions are consistent with theoretical results. Moreover, they have also shown
the feasibility and efficiency of the POD method. Copyright © 2008 John Wiley & Sons, Ltd.
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1. INTRODUCTION

Let QCR? be a bounded and connected polygonal domain. Consider the non-stationary
conduction—convection problems whose coupled equations governing viscous incompressible flow
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and heat transfer for the incompressible fluid are Boussinesq approximations to the non-stationary
Navier—Stokes equations.
Problem (I): Find u= (u1,u»), p and T such that for 7y >0,

u —vAu+-Vyu+Vp =jT, (x,y,1)eQx(0,ty)
V-u=0, (x,y,1)eQx(0,1ty)
T, =7y ' AT +u-VT =0, (x,y,0)€Qx (0,1y) (1)
u(x,y,t)=0, T(x,y,t) =0,y 1), (x,y,1)e0Qx (0,ty)
u(x,y,00=0, T(x,y,0) =y(x,y), (x,y)eQ

where u=(u1,u;) represents the velocity vector, p the pressure, 7 the temperature, Re the
Reynolds number, Pr the Prandtl number, v=+/Pr/Re, yy=+/RePr, j=(0, 1) the unit vector,
and ¢(x,y,t) and Y(x,y) are the given functions, while ¢y is the final time. For the sake of
convenience and without loss of generality, we may suppose in the following theoretical analysis
that ¢(x, y,t)=0.

The non-stationary conduction—convection problems (I) constitute an important system of equa-
tions in atmospheric dynamics and a dissipative nonlinear system of equations. Since this system
of equations does not only contain the velocity vector field as well as the pressure field but also
contain the temperature field [1, 2], finding the numerical solution of Problem (I) is a difficult task.
There are at least 15 papers in a special IINMF issue (vol. 40, issue 8) addressing this topic—
comparing and discussing various numerical approaches including the Petrov—Galerkin method. In
particular, we would mention document [2] of the above issue that summarizes the results from the
papers dedicated to understanding the fluid dynamics of thermally driven cavity. Although mixed
finite element (MFE) method is one of the important approaches for solving the non-stationary
conduction—convection problems, the fully discrete system of MFE solutions for the non-stationary
conduction—convection problems has many degrees of freedom and an important convergence
stability condition is that the BabuSka—Brezzi (BB) inequality [3, 4] holds for the combination of
finite element subspaces. Thus, an important problem is how to circumvent the constraint of the
BB inequality and alleviate the computational load by saving time-consuming calculations in the
computational process in a way that guarantees a sufficiently accurate numerical solution.

To circumvent the constraint of the BB inequality in MFE methods for Stokes and Navier—
Stokes equations, stabilized finite element methods [5—8] have been developed, motivated by the
streamline diffusion methods [9, 10]. Tang and Tsang have proposed a least squares finite element
method for time-dependent incompressible flows with thermal convection [11]. Some Petrov—
Galerkin least squares methods for the stationary Navier—Stokes equations and the non-stationary
conduction—convection problems were developed [12, 13].

Proper orthogonal decomposition (POD) is a technique for adequate approximation of fluid
flow with a reduced number of degrees of freedom, i.e. with lower-dimensional models alleviating
the computational load and providing CPU and memory savings. POD has been successfully
used in different fields including signal analysis and pattern recognition [14, 15], fluid dynamics,
and coherent structures [16-21], as well as in optimal flow control problems [22—-24]. More
recently, some reduced-order finite difference models and MFE formulations and error estimates
for the upper tropical Pacific ocean model based on POD were presented [25-28], along with
an optimizing finite difference scheme based on POD for non-stationary conduction—convection
problems [29]. Kunisch and Volkwein have presented some Galerkin POD methods for parabolic
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problems [30] and a general equation in fluid dynamics [31]. The singular value decomposition
approach combined with POD technique is used to treat the Burgers equation in [32] and the cavity
flow problem in [33]. Patera and Rgnquist have also presented a reduced basic approximation and
a posteriori error estimation for a Boltzmann model [34]. And again, Rovas et al. have advanced
reduced basic output bound methods for parabolic problems [35].

To the best of our knowledge, there are no published methods addressing the case where POD
is used to reduce the Petrov—Galerkin least squares mixed finite element (PLSMFE) formulation
for non-stationary conduction—convection problems or providing error estimates between classical
PLSMFE and reduced PLSMFE solutions. In this paper, we combine PLSMFE methods with POD
to deal with the non-stationary conduction—convection problems. In this manner, we ensure not only
stabilization of solutions of the fully discrete PLSMFE system but also alleviate the computational
load and save time-consuming calculations in the computational process while guaranteeing a
sufficiently accurate numerical solution. We also derive error estimates between usual PLSMFE
solutions and the solutions of optimizing reduced PLSMFE formulation based the POD technique.
Then, we consider the results obtained from numerical simulations of cavity flows to show that the
errors between POD solutions of optimizing reduced PLSMFE formulation and the usual PLSMFE
solutions are consistent with theoretical results.

The present paper is organized as follows. In Section 2 we derive the usual PLSMFE methods
for the non-stationary conduction—convection problems and generate snapshots from transient
solutions computed from the equation system derived by usual PLSMFE methods. In Section 3,
the optimal orthogonal bases are reconstructed from elements of the snapshots with POD and an
optimizing reduced PLSMFE formulation is developed with a lower-dimensional number based
on POD for the nonlinear non-stationary conduction—convection problems. In Section 4, error
estimates between usual PLSMFE solutions and POD solutions of optimizing reduced PLSMFE
formulation are derived. In Section 5, some numerical examples are presented illustrating that the
errors between optimizing the PLSMFE approximate solutions and the usual PLSMFE solutions
are consistent with previously obtained theoretical results. Section 6 provides conclusions and
future tentative ideas.

2. USUAL PLSMFE APPROXIMATION FOR THE NON-STATIONARY CONDUCTION-
CONVECTION PROBLEMS AND SNAPSHOTS GENERATION

The Sobolev spaces used in this context are standard [36]. Let N be a positive integer; denote
the time step increment by k=ty/N. The notation t, =kn and (u”, p",T") denotes the semi-
discrete approximation of (u(x,y,t,), p(x,y,t,), T (x,y,t,)). By introducing a finite difference
approximation for time derivation of Problem (I), we obtain the following semi-discrete formulation
at discrete times.

Problem (II): Find (0", p™) € X x M such that forn=1,2,..., N,

", v)+ka@",v)+ka (", u", v)—kb(p",v) = k(GT",v)+ @1, v) VveX
b(g,u")=0 VgeM

2
(T", §)+kD(T", $)+kar (", T", ¢) = (T"" ', ¢) VpeW
wW=0 T=yx,y), (x.y)eQ
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where
X=Hj(Q)? M={qeL2(g),/qudy=o}, W=Hj(Q)
Q
a(u,v):v/ Vu-Vvdxdy, b(q,v):/qdivvdxdy
Q Q
1 22 v ow;
ar(u,v,w)=— |:u,-—]w-—u,-—jv-i|dxdy
2 Qz;,; oxi 7 oxi 7
1 2 oT 0
az(ll,T,¢)=—f Z|:Mi—¢—ui—¢T] dxdy
2Jaizil Ox; 0x;
D)=y [ VT gardy
Q
Remark 1

Problem (II) uses Euler backward one step to discretize the time derivative. However, the time
derivative may use other difference schemes, e.g. more exactly, central differences, forward differ-
ence, etc., but the basic approach is the same as in the present method.

Using the theory of stationary conduction—convection problems proves that Problem (II) has a
unique solution and has the following error estimate [1, 35].

Theorem 2.1
If second derivatives u;; and T;; of the solution (u, p, T') of Problem (I) are all bounded, then

() —w"llo+ k) 3 () =’ |1+ 1T @) = T" o

i=1

n . n .
+Upg DY AT @) =T K2 3 Il p () — plllo<Ck
i=1 i=1
where (u(t,), p(t,), T (t,)) is the value at t,, = kn of the solution (u(z), p(¢), T (t)) of Problem (I), C
is a constant depending only on /(x, y), Reynolds number, Prandtl number and ¢x but independent
of k.

Throughout this paper, C indicates a positive constant that is possibly different at different
occurrences and is independent of the mesh parameters . and time step increment k, but may
depend on €, the Reynolds number, and on other parameters introduced in this paper.

In order to find the numerical solution for Problem (II), it is necessary to discretize Problem
(IT). We introduce an MFE approximation for the spatial variable. Let {3} be a uniformly regular
family of triangulation of Q [35, 36], indexed by a parameter A =maxgcg, {hk; hx =diam(K)},
i.e. there is a constant C, independent of 4, such that h<Chg (VK €3y). We introduce the finite
element subspaces X, C X, M, CM, and W, CW as follows:

Xn={veXNCUQ)%; vk € Po(K)? VK €35)
My, = {gn e MNC(Q); gulk € Pe(K) VK €3} 3)
Wy, ={¢, e WNCQ); ¢ |k € Pi(K) VK €3}
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where Py(K) is the space of piecewise polynomials of degree £ on K, £>1, x>1, and 1>1 are
three integers.

Let (u}, py, T;') € Xj x My, x Wy, be the PLSMFE approximation corresponding to (u”, p", T").
Then, the fully discrete PLSMFE solution for Problem (II) may be expressed as follows.
Problem (I1I): Find (u}, py, T;') € X, x My x Wy, such that for 1<n<N,

(uy,, vi) +ka(ay, vi) +kay (wy, uy, viy) —kb(pj,, vi) +kb(gn, ujy)
+ Y Ok () —kvAw) +k(u}-V)u, +kVph, vy —kvAv, + k() - Vv, +kVap) k

Ke3y

= Y Sk kT +u) vy —kvAv), +k(ul - V)V +kVan) k

Kexh

+RGTE i)+ @ Vi) YV, gn) € Xi x My, 4)

(Ti:lv¢h)+kD(Thn’¢h)+ka2(uz’Thn’¢l1)=(Thn_1’¢h) Vo, € Wy
u2=0, T;?:lﬁ(x,y), (x,y)eQ

where 0x =ahg, a>0 is arbitrary constant.
Write v= (v, p) and w=(w, g). Define

Bs(u,u;; V, W) = (v, w)+ka(v,w)+kai(u,v,w) —kb(p, w)+kb(q, V)
+ Y ok (V—kvAv+k(u-V)V+kVp, w—kvAw+k(uy, - VIW+kVq)k

Ke3y,
Frs(W) =k T}, w)+ @}, w) )

+ Sx (W kT, w—kvAW+k(u! - V)W+kVq) k
h h h

KE":\‘;,
D(v:T,¢)=(T,$p)+kD(T, $)+kar(v, T, ¢)

Then Problem (III) could be rewritten as follows.
Problem (IV): Find &) = (u}, p}) € X; x M), such that, for 1<n<N,

Bs(uj,wy; 0y, W) = Frs(Wp)  YWip= Vi, qn) € Xi X M),
D(uj: Ty ) = (T~ ) Vb, € Wy (6)
W =0, 7)=y(x,y) inQ

where 6| g = 0.
The following properties for trilinear forms a; (-, -, -) and a3 (-, -, -) are often used (see [37]):

ai(u,v,w) = —a;(u,w,v), aj(u,v,v)=0 Vu,v,weX D
7
a,T,¢)=—ar(, ¢, T), arx(,¢,p)=0 VueX, VT,peW
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where C; is a constant independent of u,v, and w, and C, is a constant independent of u, T,
and ¢. The bilinear forms a(-,-), D(:,-), and b(-, -) have the following properties:

a(v, V27 ¥WeX, la(u,v)|<vju|v]) Vu,veX ®)
D(p, )=y, 1917 YoeW, DT, )<y IThIgl VT, peW )
b(q,v)
sup >Blgllo YgeM (10)
vex |VI1

where [ is a constant. Define

ar(a,v,w ~ a@,T,
wv,wex [l1-[vli-[wl wex,(T,¢)yewxw ali-1T 1ol

The following discrete Gronwall lemma is well known and very useful in the context of next
analysis (see [4, 34]).

Lemma 2.2
If {a,}, {b,}, and {c,} are three non-negative sequences and {c,} is monotone, then they satisfy

_n—1 -
an+bp<cn+4 Y ai, 2>0, ap+bo<co
i=0

then
a,+b,<cp exp(ni), n=0
For Problem (III) or (IV), we have the following result [13].

Theorem 2.3
If 7 and k are sufficiently small and #= O(k), then there exists hyp>0 such that when h<hy
Problem (III) has a unique solution sequence (uy, p;, 7;') € X; X My x Wy, and for 1<n<N,

WG +& > T 1T+ 3 1162 (ul, — kvAw), +k (v, - V)ul, +kV pi) 15, <RM (12)

i=l1 i=1

" —wj o+ k> 37 ju' —w |1 4412 37 11p" = phllo+1T" =T lo

i=1 i=1
1 i i
+kyg D2 AT =T <C +h 41 (13)
i=1
where M =1y(R+2kha)|p(x, y)[FexpQahtn), R=v"0 |13, =Y gey, I-13 ¢ @.T")=
", p", T e[Wy (@ NHH Q) x HH(Q) x [Wy QN H ! (Q)] are the solutions for
Problem (II), and C is the constant dependent on |u” |41, |p" |k, and |T"];41.

Combining Theorems 2.1 and 2.3 yields the following result.

Copyright © 2008 John Wiley & Sons, Ltd. Int. J. Numer. Meth. Fluids (2008)
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Theorem 2.4
Under the assumptions of Theorems 2.1 and 2.3, there are the following error estimates, for
1<n<N:

n

. n .
lat) = lo+ k)2 3 u) —wj, [ +k'2 3= [l p() = pllo

i=l1 i=1

n

HIT ) = T o+ (kyg D2 ST (6) = T 11 C(k+h* +h* +h')

i=1

If Re, Pr, triangulation parameter 4, finite elements Xj,, M}, and W}, and the time step increment
k are all given, by solving Problem (III), we can obtain a solution ensemble {u7,,u5,, pj Th”}fl\’:l.
And then we choose L (for example, L =20, N =200, in general, L < N) instantaneous solu-
tions U; (x, y)= ('} w3, pp’. Ty )(A<ni<na<---<np<N) (which are empirically elected and
are useful and of interest for us to solve actual problem) from the N groups of solutions

(u'fy, uyy,, pyy. T;) (1<n<N) for Problem (III), which are referred to as snapshots.

3. OPTIMIZING REDUCED PLSMFE FORMULATION-BASED POD TECHNIQUE FOR
THE NON-STATIONARY CONDUCTION-CONVECTION PROBLEMS

In this section, we use the POD technique to deal with the snapshots in Section 2 and to develop an
optimizing reduced PLSMFE formulation for the non-stationary conduction—convection problems.
Let X=X x M x W. For U;(x, y)= (u}}, u5,. pp’'. T;)") (i=1,2,..., L) in Section 2, we set

¥ =span{Uj, U,, ..., U} (14)

and refer to ¥~ as the ensemble consisting of the snapshots {U,-}I.L:1 at least one of which is
supposed to be non-zero. Let {{ j}ljzl (where ;= (,;, ¥ ;. ¥r;)) denote an orthogonal basis
of ¥~ with [=dim 7. Then each member of the ensemble can be expressed as

l
Ui=Y (Ui W)gW; fori=1,2,..., L (15)
j=1

where (U;, ;) = (Vu,', Vi, ) +(p W ,) + (VT Vi), () is L*-inner product, and \p,, ;.
v pj» and Vr ; are orthogonal bases corresponding to u, p, and T, respectively.

The POD method consists in finding an orthogonal basis such that for every d (1<d</) the
mean square error between the elements U; (1<i<L) and corresponding dth partial sum of (15)
is minimized on average:

2
{wl?}];ll%,é Ui—Jé(Ui,\Il,-)g\llj . (16)
such that
Wi W) g =0; for 1<i<d, 1<j<i (17
Copyright © 2008 John Wiley & Sons, Ltd. Int. J. Numer. Meth. Fluids (2008)
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where |U; || ¢ = [ Va5 + IV, 15+ 12, 15+ 1V T, 15112 A solution {yr;}4_, of (16) and (17)
is known as a POD basis of rank d. Note that ||u||] is equivalent to |Vu|o for u e HO1 (Q), which
show that inner product and norm including only the gradient of the function are reasonable.

We introduce the correlation matrix G=(G;j)rxL € RLXL corresponding to the snapshots
{Ui},-l;l by

1
Gij=z(Ui,Uj);} (18)

The matrix G is positive semi-definite and has rank /. The solution of (16) and (17) can be found
in [16, 19, 31], for example.

Proposition 3.1
Let A1 >/7>--->/;>0 denote the positive eigenvalues of G and vy, vy, ..., v; the associated eigen-
vectors. Then a POD basis of rank d<(/ is given as

V=

v; (Uy,Uyp,...,Up) = > (vi);U; (19)
N/ Ai j=1 )

where (v;); denotes the jth component of the eigenvector v;. Furthermore, the following error
formula holds:

2

I}
=Y i (20)

% J=d+]

2

i=1

1
L

d
Ui_z:l(Uia\l’j)f(‘l’j
j:

Let despan{\pl,\pz,...,\lld} and X4 x M4 x We=+" with X4 X, M‘C M, and Wi CW.
Let the Ritz-projection P¢: X — X, L2-projection p? : M — M?, and the Ritz-projection ¢ : W —
W€ be denoted by, respectively,

a(Pu,vy) =a(u,vy) VvgeX?

0p,qa) = (p.qa) VgaeM? 1)
D(de, wd) = D(w, wd) Ywg € wH

where ue X, pe M, and w e W. Owing to (21) the linear operators P¢, p¢, and ¢ are well defined
and bounded:
IV(P/wllo < I Vullg VueX

lp?pllo < lipllo YpeM (22)
IVdwlo < [Vwlo YweW

Copyright © 2008 John Wiley & Sons, Ltd. Int. J. Numer. Meth. Fluids (2008)
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Lemma 3.2

For every d (1<d<I) the projection operators pd s pd, and Qd satisfy, respectively,

1 L ; ,
= LIV @ =P <
i=1

l
> A
j=d+1
1 L nj d_ ni,2 d
Z Z ||Ph —pP Py g < Z /lj (23)
i=1 j=d+1
1L nj dhiy g2 d
Z_ZIIV(Th —PTOe< X 4
i=1 Jj=d+1
Proof
For any uzi eX, (i=1,2,...,L) we deduce from (21) that
VIV — P[5 = a(u)’ — PYujl wy — PYupy =a(u) — P’ ul —vy)
<V —PYa) oV —va)llo YvaeX?
Furthermore,
IV @) — Phuy) o<V () —va)llo ¥vaeX? (24)

Taking Vd=2?:1 (Vuzi, Vi, i)W,; (where s, ; is the component of ; corresponding to u) in
(24), we can obtain the first inequality of (23) from (20).
Using the Holder inequality and the second equality of (21) yields

i d nip2 i d ni i d ni i d ni i
oy =0 Py o= (o =0 Pyt Py = )=y =0 Py Pl —4a)
<lpy =ppy ol Py —aallo  ¥gaeM?
Consequently,

Ipy —p? Py lo<lipy —qallo YqaeM!

(25)
Taking g4 = 27:1 (P, ¥ pi)oy; (Where ¥, is the component of \; corresponding to p) in (25),
from (20) we can obtain the second inequality of (23).

Using the same technique as the first inequality of (23) can prove the third inequality of (23),
which completes the proof of Lemma 3.2. ]

Thus, using 7" 4= x4 x M?x W9, we can obtain the optimizing reduced PLSMFE formulation
for Problem (IV) as follows.

Copyright © 2008 John Wiley & Sons, Ltd.
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Problem (V): Find (@, T)))=(u, p", T1) € ¥"? such that

Bs(ulj, wj @), Wa) = Frs(Wa) VW)= (V4. qa) € X! x M?
D@ TH dg) = (T7 " ¢ Voyew! (26)
u2:07 Td():lp(xay)v (X»)’)EQ

where 1<n<N.

Remark 2

Problem (V) is an optimizing reduced PLSMFE formulation based on POD technique for Problem
(IV), since it only includes 4d degrees of freedom, whereas Problem (IV) includes 4N, if k=
{=1=1 (where N, is the number of the vertices in J;) and also includes 4N, +4N;~16N,, if
k={=1=2 and 4d <4N, K16N, (where Ny is the number of the sides in J;). And since the
residual 0}/ (l, — kvAW, +k (V- V)W +kV pl—kj T —u’s ™) g in Problem (V) is introduced, the
combination of finite element subsets need not satisfy the BB stability condition and optimizing-
order error estimates can be obtained (see Section 4). When one computes real-life problems, one
may obtain the ensemble of snapshots from physical system trajectories by drawing samples from
experiments and interpolation (or data assimilation). For example, for weather forecast, one can
use previous weather prediction results to construct the ensemble of snapshots, then restructure
the POD basis for the ensemble of snapshots by above (16)—(19), and finally combine it with a
Petrov—Galerkin least squares projection to derive an optimizing reduced-order dynamical system,
i.e. one needs only to solve Problem (V) with few degrees of freedom, without having to solve
Problem (IV). Thus, a forecast of future weather change can be simulated in a fast manner, which
is of major importance for actual real-life applications.

4. EXISTENCE AND ERROR ANALYSIS OF SOLUTIONS OF THE OPTIMIZING
REDUCED PLSMFE FORMULATION

This section is devoted to discussing the existence and error estimates of solutions for Problem (V).
We see from (19) that ¥4 =X x MIxWICV CXpx My x Wy CX XM x W.
We first obtain the following existence result for solutions of Problem (V), whose proof is
provided in Appendix A.

Theorem 4.1
Under the assumptions of Theorems 2.1 and 2.3, Problem (V) has a unique solution sequence
W, pli. T} e X9 x M9 x W and satisfies, for 1<n<N,

n . 1/2
[||ug||§+k > ||u;||%+||51/2(ug—kvAug+kuZVu;}+kVp3)||%,h] <VRM (27)
i=1

In the following theorem, the error estimates between the solutions (u}, p7j, T)) for Problem
(V) and the solutions (uj, p;', T;') for Problem (IV) are derived, whose proof is provided in
Appendix B.

Copyright © 2008 John Wiley & Sons, Ltd. Int. J. Numer. Meth. Fluids (2008)
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Theorem 4.2

Under the assumptions of Theorems 2.1 and 2.3, let ng=0 and N <ny 41, if & and k are sufficiently
small, i = O (k), and k= O(L~2), then the errors between the solutions (u}, pl7, T}) for Problem
(V) and the solutions (uj, pj, 7;') for Problem (IV) have the following error estimates, for I<n<N,

if n=n;e{ni,ny,....,nr},

n;j . . ni . .
= w o+ 17, =T lo+Gen)> 3 IV (wy —wllo+k"> 3 1= pyllo

Jj=ni Jj=ni
n; . . I 12
+kyg DY X IV =T )llo<C <k1/2 > z,-) (28)
j=m j=d+1
and if snapshots are taken at uniform intervals, n;<n<n;y; (i=0,1,2,...,L),

n

I} —wllo+ITy — T} llo+ (kv)'/? [IIV(uZ —ud)llo+ Y IV(u] —Ué)||0i|

Jj=1

n; . .
+(kygH? [IIV(T;{’—TJ)IIOvL S Iv(T —Td’>||0]
J=l

1/2
n; . . l

+k1/2|:||PZ—PZ||0+ZIIPﬂ—Pé||0i|<Ck+C(kl/2 > Aj) (29)
j=1 j=d+1

Combining Theorems 2.4 and 4.2 yields the following result.

Theorem 4.3
Under Theorems 2.4 and 4.2 hypotheses, the error estimates between the solutions (u(¢), p(¢), T (¢))

for Problem (I) and the solutions (u}, p, T}) for the reduced-order basic Problem (V) are, for
n=1,2,...,N,if n=n;€{ny,no,...,n},

ni . . ni . .
aty,) =y o+ 1T (1) =T llo+ k)2 3 IV —w)llo+k> 3 11p/ = plllo

J=ni Jj=ni

1/2

n; . . )

+kyyHE Y ||V<Tf—Tj>||o<c<h'<+h’f+hl+k>+c(W 3 zj)
j=d+1

J=ni

and if snapshots are taken at uniform intervals, n;<n<n;y; (i=0,1,2,...,L),

||u(tn)—u’;||o+||T(zn>—T;||o+<kv)”2[HV(u(zn)—uz)noJr 50 ||V(u(fj)—u£)||o:|

Jj=ni

J=ni

+(kv01>”2[||V<T<zn>—T;>||o+ 5 ||V(T(tj)—Tj>||o}

12
n; : l
+k1/2|:llp(tn)—PZ|lo+ )y ||p(tj)—p[]1||0:| <C<hx+”£+hl+k)+c<kl/2 % 1;°j>
J=n =
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Remark 3

The condition k= O(L~2) in Theorems 4.2 and 4.3 implies N = O(L?), which shows the rela-
tion between the number L of snapshots and the number N of all time instances. Therefore,
it is unnecessary to take the total number of transient solutions at all time instances f, as
snapshots, for instance in [30,31]; instead it is sufficient to take one snapshot every 10 time
intervals. Theorems 4.2 and 4.3 have presented the error estimates between the solutions of
the optimizing reduced PLSMFE formulation Problem (V) and the solutions of usual PLSMFE
formulation Problems (III) and (I), respectively. Since our methods employ some usual PLSMFE
solutions (w}’, p,*, T;") (i=1,2,...,L) for Problem (III) as assistant analysis (see Appendix
B), the error estimates in Theorem 4.3 are correlated to the spatial grid scale & and the time
step size k. However, when one computes real-life problems, one may obtain the ensemble
of snapshots from the physical system trajectories by drawing samples from experiments and
interpolation (or data assimilation). Thus, the PLSMFE solutions (u;’, p;’,7,"") (i=1,2,...,L)
could be replaced by the interpolation functions of experimental and previous results, avoiding
solving full-order basic Problem (III) and requiring only to solve directly Problem (V), which
includes very few degrees of freedom since it depends only on d (d KI<L < N), in general.
Since the development and change of numerous future nature phenomena are closely related to
previous results (for example, weather change, biology anagenesis, and so on), using existing
results as snapshots to structure POD basic, by solving corresponding PDEs one will well and
truly capture future law of the development and change of natural phenomena. Therefore, these
POD methods are of valuable for important applications. If ¥ 4 = H2(Q)?2, Problem (V) will not
appear ) g ., i.e. Problem (V) will be independent of K, i.e. it is independent of the spatial grid
scale h.

5. SOME NUMERICAL EXPERIMENTS

In this section, we present some numerical examples with a physical model of cavity flow for
second-order element (i.e. {=xk=1=2) and with different Reynolds numbers by the optimizing
the reduced PLSMFE formulation Problem (V) validating our theoretical results.

Let the side length of the cavity be 1 (see Figure 1). We first divide the cavity into 32 x 32=1024
small squares with side length Ax =Ay = 3%, and then link diagonal of square to divide each square

into two triangles in the same direction, which consists of triangularization 3 (h=+/2/32). We
take a time step increment as A =0.001. Let the initial value and boundary values of u and v be
equal to 0 on boundary of the cavity are also taken as 0. And let 7 =0 on left and lower boundary
of the cavity, 0T /0y =0 on upper boundary of the cavity, and T =4y(1 —y) on right boundary of
the cavity (see Figure 1). Put Pr=0.71 and Re=2000 or 5000.

We obtain 20 values (i.e. snapshots) outputting at time # =10, 20, 30, ..., 200 by solving classical
PLSMFE formulation, i.e. Problem (IV). It is numerically shown that the eigenvalues satisfy
[k!/2 2?26 2i112<2x 1073. When =200, we obtain the solutions of the reduced formulation
Problem (IV) based on the POD method of MEF depicted graphically in Figures 2—7 on right-hand
side using five optimal POD bases if Re=2000 and 5000, whereas the solutions obtained with
classical PLSMFE formulation Problem (III) are depicted graphically in Figures 2—7 on left-hand
side. (Since these figures are equal to solutions obtained with 20 bases, they are also known as
the figures of solution using full bases.)
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Figure 2. For Re=2000, temperature figure for classical PLSMFE solution (figure on left-hand side) and
when d =5 the optimizing reduced PLSMFE solution (figure on right-hand side).

Figure 8 shows the errors between solutions obtained with different numbers of optimal POD
bases and solutions obtained with the full bases. Comparing classical PLSMFE formulation
Problem (IIT) with the reduced PLSMFE formulation Problem (V) containing only five optimal
bases implementing 3000 times numerical simulation computations, we find that for the classical
implementation for PLSMFE formulation Problem (III) the performing time required is 12 min,
whereas for the optimizing reduced PLSMFE formulation Problem (V) with five optimal bases the
required performing time is only 3 s, i.e. the classical PLSMFE formulation Problem (III) required
performing time that is by a factor of 240 larger than the optimizing reduced PLSMFE formulation
Problem (V) with five optimal bases required performing time, whereas the errors between their
respective solutions do not exceed 3 x 1073, Although our examples are in sense recomputing what
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Figure 3. For Re=5000, temperature figure for classical PLSMFE solution (figure on left-hand side) and
when d =5 the optimizing reduced PLSMFE solution (figure on right-hand side).

e £t ¢t E B E B E

L]

Figure 4. For Re=2000, pressure figure for classical PLSMFE solution (figure on left-hand side) and
when d =35 the optimizing reduced PLSMFE solution (figure on right-hand side).

we have already computed by usual PLSMFE formulation Problem (III), when we compute actual
problems, we may structure the snapshots and POD basis with interpolation or data assimilation
by drawing samples from experiments, then solve directly Problem (V), while it is unnecessary to
solve Problem (III); thus, the time-consuming calculations and resource demands in the computa-
tional process will be greatly reduced. It is also shown that finding the approximate solutions for
the non-stationary conduction—convection problems with the optimizing reduced PLSMFE formu-
lation Problem (V) is very effective. In addition, the results obtained for the numerical examples
are consistent with the theoretical ones.

6. CONCLUSIONS

In this paper, we have employed the POD techniques to derive an optimizing reduced PLSMFE
formulation for the non-stationary conduction—convection problems (see Remark 2). We first
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Figure 5. For Re=5000, pressure stream line figure for classical PLSMFE solutions (figure on left-hand
side) and when d =35, the optimizing reduced PLSMFE solution (figure on right-hand side).

Figure 6. For Re=2000, velocity stream line figure for classical PLSMFE solutions (figure on left-hand
side) and when d =5 the optimizing reduced PLSMFE solution (figure on right-hand side).

reconstruct optimal orthogonal bases of ensembles of data compiled from transient solutions derived
by using the usual PLSMFE equation system, whereas in actual applications, one may obtain the
ensemble of snapshots from physical system trajectories by drawing samples from experiments
and interpolation (or data assimilation). We have also combined the optimal orthogonal bases
with a Petrov—Galerkin least squares projection procedure, thus yielding a new optimizing reduced
PLSMFE formulation of lower-dimensional order and of sufficient accuracy for the non-stationary
conduction—convection problems. We have then proceeded to derive error estimates between our
optimizing reduced PLSMFE approximate solutions and the usual PLSMFE approximate solutions
and have shown using numerical examples that the errors between the optimizing reduced PLSMFE
approximate solutions and the usual PLSMFE solutions are consistent with the theoretical error
results. Since this paper is already too long, the analysis of conditioning of our POD-reduced
PLSMFE formulation compared with the usual PLSMFE formulation and the problems in 3D

Copyright © 2008 John Wiley & Sons, Ltd. Int. J. Numer. Meth. Fluids (2008)
DOI: 10.1002/fid



Z. LUO ET AL.

Figure 7. For Re=5000, velocity stream line figure for classical PLSMFE solutions (figure on left-hand
side) and when d =5 the optimizing of the reduced PLSMFE solution (figure on right-hand side).
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Figure 8. Error for Re=2000 on left-hand side and error for Re=5000 on right-hand side.

simulations are not included and will be further investigated in a new paper in advanced stages of
completion. These issues are of high current research interest. Future research work in this area aims
at addressing more complicated PDEs, extending the optimizing reduced PLSMFE formulation,
applying it to a realistic atmospheric operational forecast system and to a set of more complicated
nonlinear PDEs, for instance, 3D realistic model equations coupling strongly nonlinear proper-
ties, non-homogeneous variable flux and boundary, etc. Using theoretical analysis and numerical
examples, we have shown that the optimizing reduced PLSMFE formulation presented herein has
extensive potential applications.

APPENDIX A

The proof of Theorem 4.1 is as follows.
We use Brouwer’s fixed point theorem to prove Theorem 4.1.
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For all v € X4 and [[V}[|2+k Y"1, [V}, [I3<RM, consider the following linearized problem:
Bs(V" V0, W) = Fs(Wg)  VWwae X x M4
wW=0 inQ
D T] . ¢g) = (Tdn_l, by VogeW?
T) =y(x,y) inQ

(AD)

(A2)

Since b(vg; -,+) is a coercive bilinear functional, linearized problem (A2) has a unique group
of solutions T} € We (n=1,2,...,N). For known T”, since Bs (v}, vy -, -) is a coercive bilinear
functional, linearized problem (A1) has a unique group of solutions #; = (uf}, p’}) (n=1,2,...,N).
Thus, there exists a map G: (V) x7) — (0, T}) (n=1,2,..., N), where ¥ = (v}, V.

Taking ¢, =T in (A2), from (7) we obtain

T IG+2yy ' KIVTIG<IT, IS (A3)
Summing (A3) from 1 to n yields
T 2 2

1T IG5+7y 'k S IVTIG< IV, I3 (A4)

i=1

1=

Taking Wy =1 in (A1), we obtain
13+ kvluh 3+ 11012l — kv Auly + k (V- V)ul+kV p 113,

= Y Sk Ty +ul ™t ul —kvAW) +k(VE- VUl +kV pl g

Keg3y
+kj (T ) + (@ ul)

1 1 _
<§(kR||T;||2_1+kv|uz|%)+5<||uz||%+||u3 NiZ)

+%I|51/2(kTJ’+ug_])II%+%Ilél/z(ug—kvAuZ—i—k(vZ-V)uZ—i—kVpZ)H%,h (A5)
Noting that ||-||-1<]| - [lo. From (AS), we have
313+ vy 3+ 1612wl — kvAW+k (V- V)W +kV PR,
<kR|| T} 1§+l G426k T} 15+ 20k [y~ 5
<k(R+2kha) |l (e, y) |13+ 04~ 13 + 20 uly 13 (A6)

Summing (A6) from 1 to n and noting that ug =0 could yield

n X n . . . . .
W15 +kv 3 g 1T+ 3 116" (uly — kvAul + k(v - VI +kV p) 5

i=1 i=1

n—1 .
<nk(R+2kha) | o(x, »)I5+2ah 3 lluj (A7)

i=0
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By discrete Gronwall inequality, we obtain
n . n . R . . .
13 +kv 3 Jud 3+ 3 1162wl — kvAul, + k(v - Vul, +kV DI,
i=1 i=1
<nk(R+2kho) || p(x, y) 1§ exp(20in) (A8)

Note that 1<v~! and kn<ty. From (A8) we obtain
n . n . . . . .
13 +k 30 [l 3+ 3 16" 2 () — kvAu), +k (V- Vyul +kV pi) IS,
i=1 i=1

<Riy (R+2kha)llp(x, y)[[§ expaty) = RM (A9)

Let Bry ={(V2, Y/, 24y € X x M4 x W ||V 13 4+k 31, [V, [3<RM}. It is shown by (A4) and
(A9) that the map G: BRM—> Bruy. Thus, it is necessary to prove that F is continuous. For any
(\7 ,,(d )—(v tpd ,{d ") and (ff?i" yd )—(v 1,03" yd”)eBRM, by (Al) and (A2), we obtain
two groups of solutions (ud ,pd ,le”) and (ud pd ,TZ”) (n=1,2,...,N) such that

In. pln

Bé(Vd , Vg sy ,Wg) = F5(Wy) VWdEXdXMd
DT dg) = (le(n_l)7 bg) VpgeW?
ul =0, 7°=y@x.y). (x.y)eQ (A10)

n .
" 15+ > ) IT < RM
i=1
and
B(s(Vd ,V?in,ﬁin Wg) = F5(Wy) VWdGXd x M?
DY T ¢ = (T;" 7V, dg) Vpgewd
=0, TX=y(x.y). x.yeQ (ALD)
n .
I 15+ > g 1T < RM
i=1
By (A10), (A11), (7), (11), (A4), and inverse inequality, we obtain that
17" =T g +kyo 1T, =131}
= (1, "V 1] T Ty —kay (VY =V T T - T

1 1
<IT) =T ol T, "V -

2 1

@D o+ CRIVY =2 TS = T2 T o
1 2n 2 1 1 2(n—1) 2

GIT =T 15+ 307,70 =17V

FCKIVY VI + Sy N T =T (A12)
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Therefore, we obtain

— 1 1 2 1
T =T 12+ kg T = T2 2T, D =17 D12 crpvl =V 2 (A13)
Summing (A13) from 1 to n can yield
1 - i
1T} =T 15 +kyy ' S IT) T, Ckz i —v2i2 (A14)

i=1 i=l1
By (A10) and (A11), we obtain, YWy = (Wy, rq) € X¢ x M?,

In ~ln 4 m A2
B(s(vd v agt W) — B(s(vd v ugt W)

=@ "V wo+ Y sk k(v =) - Vwa) g

Ke3y

+ > ok (ucll("fl) —ufl("fl), Wy —kvAWg +kvi VW, +kVrg) g

Keldp

+ Y Sk (kj (T =T, Wy —kvAwg + kv - Vwg +kVrg)k

Ke?sh

+k (T =T, wa)+ Y Sk (kjT" k(v —v2)Vw,) =Sy (A15)

Ke3y

Taking wy _uLII" —u? 7 and rg= p pfln, on the one hand, we obtain

Bs (Vi v Wa, Wa) = Iwallg+kvIwal}
+16"2 Wy —kvAWg+kv) - VWi +kVra) G, (A16)
On the other hand, by (A10) and (A11) we obtain
roln Jln 4 ~ _ In _1n A~ln & roln ln A2n A
BO(Vd avd ,Wd,Wd)—B(S(Vd ’Vd 7ud 7Wd)_B0(Vd 7vd aud 7Wd)
= Bs(v3"' . vg 03" Wa) — B5 (v vy 0% Wa) + So
In _2n

=kal(Vd —v, g, wy)

+ Y Ok k(v —viMVuT Wy —kvAW+kv VW k) g

Ke3y,

+ > 5K(u —kvAu +kV Vu —l—kVp k(vd —vd "YVwa)k +So

Ke3),
=S1+5+53+ 5 (A17)
By (11) and (A11), we obtain

|S1] = lkay (v — v} w2, wa) [<KRM No v — v 1 1wl (A18)
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By inverse inequality (see [36,37]), (11), (Al1), and (A12), we obtain

1S2]=1| Y 6K(k(vd —Vd )Vu S Wy — kvAwd—l-kv -Vwg+kVrg) g
Ke3y,
< CkR' V2 v 111162 (g — kvAWg +kv Y - VW +kVra) o (A19)
131 =| 3 Ok (uF —kvAuZ kv VuZ 4kV p2 k(v =V VW) g
Ke3y
< CkR' P =V l1Iwal (A20)

(ul(" D uf,("_l) wo)+ Y Ok (ud(n D V2 Vwg) g
Ke3y,

1Sol =

+ 3 6k (ul(" D ui("_l),wd—kvAwd—i-kVé”-de—i-erd)K

KE‘Sh
+ 3 Sk kj(T)" =T, Wa—kvAW, +kvY - Vwa +kVrg) g

Ke3y

+k(G(T)" =T, W)+ Y. Sk (GT" k(v —vi")Vw,)

Ke3y,

< ”ul(n ny_

w2V lollwallo+ CkrIvY V3 |1 Iwali
+CRY 2D w2 Vo162 (W — kvAWg +kv - VW +kVrg) o,
+CkRYT I —T2M|0)10"> (Wa —kvAWg +kvY - Vwa +kVrg) o
+kh || T}" —Tj"||o||Wd||l +Chk|vy —v'l11wali (A21)
If h=0(k), combining (A18)—(A21) and (A14) and using the Cauchy inequality could yield

1 1 2 1
A [ —||Wd||0

[Sol + 1811+ 1821+153] < —||ll

+CIE VY V3T + |Wd|1—|—Ck||u1(" Vw2

”51/2(Wd kvAwd—i—kv de—i—erd)Hoh

n . .
+CE Y vy =i} (A22)

i=1
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Combining (A22) and (A16), (A17) yields
1612} —u3") —kvAY —uZ) kv -V ()l —u?h)

+kV (g = pIONG g —u 5+ kvug —uy [}

n . .
ul P 2V 2ok~ 2 ek Y Y -V (A23)
i=1

Summing (A23) from 1 to n we obtain

n .
2||51/2(u;’ w?) —kvA@l —ud) + kvl vl —ud)

+hV (pg = PIONG + Iluy —uj ||0+ka|ud —uy' [}
i=1
<Ck 2 ul —uZ |13+ Ck’n 2 vl v (A24)
1=0 i=1

By discrete Gronwall inequality, we obtain

3162 @Y —uZ) —kvA@Y —ud)+kvy vl —u2) kv (pY = I3,
i=1

+ul —u? ||0+kv2 lul —uZ? Ck3nz Y —v2 2 exp(Cnk) (A25)
i=1 i=1

Since nk<ty, we obtain

S 16" 2@l —u2) —kvA@Y —ud)+kvy vl —u2) kv (pY =PI,
i=1

+ul —u? ||0+kv2 lu} —ud |3 Ck22 v —v2i2 (A26)
i=1 i=1

Thus, (A14) and (A26) show that the map G:Bgy — Bgy is continuous. By Brouwer’s fixed
point theorem, this implies that G has at least one fixed (ﬁg, T))=GW);,T}) (n=1,2,...,N),
i.e. Problem (IV) has at least one solution sequence W), pi. T]eX 4y M4 x we,

If (ud pin, T/M e X4 x M4 x W and (u21", pi TZ") eXd x M? x W4 are two groups of solu-
tions for Problem (V), using the same approach as in (A14) and (A26), we derive

n A . n . .
1T} =T +kyy ' ST —TH3<Ck Y [ul —ud |3 (A27)
i=1 i=1

n . .
S 162 —u) —kvA@l —ui) +ku) V@) —u) +kV(pY —pi)IG
i=1

Hllug” — g [[g+kv Z Jug —ug [{<Ckh Z Jug —ug I} (A28)
i=1 i=1
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Therefore, there is an hg=v/(2C) such that if A<hgy, we obtain

Z] 16"} —uZ) —kvAY —u2) +kul - V@l —uZ)+kV(pY - pIOIZ ),
=
n . .
Hlul =3+ kv Y jul —ud2<0 (A29)
i=1

which shows that ué”:u‘z{" and p}in = pé”. And by (A27) we obtain le" =sz". Therefore, the
solutions (u}}, p;, T}) (1<n<N) for Problem (V) are unique. O

APPENDIX B

The proof of Theorem 4.2 is as follows.
Let Wy = (W}, r]), wi= PduZ —uj, and 1) =pdp2‘ — p}j- On the one hand, we have

By (wj, wy, Wa, Wa) = W15+ kv [T+ 116"/ (W — kvAWS +kuly VWi +kVrD IS, (B1)
On the other hand, if write f’dﬁz(PduZ, p? py) and iy = (u, pZ), we have
Bs(u, ulh, Wy, Wa) = Bs(ulh, ult, PYG, Wy) — Bs(u'h, ', g, Wa)
= By}, ufy, P8, Wy) — By (uf, ul), &, W)+ (u ' —uly ! wh)

+ Y Sk T kG (TP T, W — kVAW! W VW 4k V) g

Ke3p
—i—kj(Th” —T;,WZ)
ESI+§2+S3+S4 (B2)
where, since a(PduZ —uj, wl) =0,
Sy =(Pul —ull, wh) —kb(p® pj — pj, W)
Soy=k[a) (), Puf, W) —ay (uj, w, W) +b(r, PYu) —uf))]
S3= KZ Sk (Pu)l —u —kvA(PYu} —ul}) +ku’yV PPl —kul V!
eIy

+kV (p? pi — pi), W — kvAW" +kuly VW +k Vi) g

Sy = (“Z_l —uZ_l,WZ)—I-kj(T}f‘—Td”, LAEEDS (3K(uZ_1 —ug_l
Ke3p

+kj (T —T)), Wy —kvAwW) +ku; VW) +kVr)) g
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Using the inverse inequality, Holder inequality, (8), and Cauchy inequality and noting that 2 = O (k),
we obtain

1511 = [(Phul} —ull, W) —kb(p? pl — plt, W)

< Ck(| P} —ul 34+ 1 p% pli — pl113) + kv w2 (B3)

S d d
|S2] = klay (ug, Pugy, wg) —ai (wy, wy, wg) +b(rg, POuy —up))|
=k |ar(u?, Pu) —ul!, W) —ap (Wh !, wh) +a) (PYu) —ull, o, wh)

— KZ; (W —kvAW" +-ku' - W+ Vi Phal —ul) g
[SRYA

+ > (Wi —kvAw) +kujj-w), Pdu;’l —up)g
Ke3y

S E(kvIWY 3+ 110" (Wl — kvAW! + k- Wi+ KV 13 )
+Ck|Phull —ull |2+ Ckh|w" |3 (B4)
1S31= Y Sk (Pu} —u} —kvA(PYu} —u}) + ks V(PIu) —ufl) —kw' V!
Ke3y
+h(Pu) —uf) Vil +kV (09 pj — pj). Wi — kvAWS +kuly VWi +kVr) g
< Ck(| Py~ 3+ [1p plt — pp1I3) + Chhlwi 1}

218"/ (W — kvAWS +kuly VW + VD (15, (BS)

1S4 < Ch P = R LW IR W) + ChIw IR
+EI81 2 (W — kAW, +kuls VWS +EVID (G,

+EkvIWh | +CE T — T3 (B6)
where £ is a constant, which can be chosen arbitrarily. Combining (B1) and (B2)-(B6) could yield

WIS+ kvIws 1T+ 116"/ (Wl — kv AWy + kuly VWi +k VDG,
<Ck(| Puj — w1 +11p? Pl — pp I+ PAug " = =)
38k (VW T+ 11612 (Wl — kvAWS +kuly VW +kV D (1§ 4)

FCkhIWS 4+ LW B+ IWh IR+ Ch WS 13+ CR3 N T — T2 113 (B7)

Copyright © 2008 John Wiley & Sons, Ltd. Int. J. Numer. Meth. Fluids (2008)
DOI: 10.1002/fid



Z. LUO ET AL.

Taking #<}, from (B7) we obtain
W13+ kv Iws 3+ 116"/ (Wl — kv AW + kuly VW5 +k VD |13,
<Ck(PUuj —uj[1+11p? pjy = P11 +1 PAul ™ —u ™ D)
+CkR|W T+ W4 2+ CrIwy 3+ CR N T —THIG (B8)
If £ is sufficiently small such that Ch<v/2, we could obtain from the above inequality that
2||wf1||%+kv|w2|%+2||51/2(w2—kvAwZ+ku(’}VwZ+er§)||(2)’h
<Ch(|Pluy —w [+ 11p? pj = P 15+ P/w ™! —uy ™ D)

2w B+ ChIW IS+ CR3 N T — T3 (B9)

Let ) =o? T;'—T}. By (7), (A10), (A11), and inverse inequality, we could get that
I IG+kop 11T = Ty = Tt o)+ (2~ 1) —kao (w — ), T3 1)

tkap (W, o T — T, T + (T =0T 1)
kyfl 1 1.
<T°|rz|%+§||r2||é+5nrz N2+ Chlul —ul)?

+CRIT = T 3+ ChIT — o T (B10)
Therefore, we have

2 ol 2 —12 —1_ dpn—1y2
leallo+kvg Il < vy 5+ CRIT, ™ —o“ T g

+Ck|T — T 3+ Ch|ul} —u} 3 (B11)
First, we consider the case of n€{ny,n3,...,ny}. Summing (B11) from n=n; to n; €{ny,n,, ...,
nr} and using Lemma 3.2 could yield
ni 2 RSN Y L !
I 15 +k7g " 3 Ihi<Ch 32wy —wjli+CkL 3> 4; (B12)
j=n j=n Jj=d+1
Thus, if k=0 (L72),
n; . . n; . , )
IT" =T 3 +kyy ' S 1T/ =TI3<Ck Y Ju) —w) |} +Ck'2 Y J; (B13)
j=n j=ni j=d+1
Summing (B9) from n; to n; €{ny,ns,...,ny} and using Lemma 3.2 yield

i

. n; . . . . .
W3 I3 +kv S (whE+ 3 118" 2 (W) — kvAW) +ku) Vw) + VD3,

J=ni J=ni
l W 2 cr3 S T2
SCKL Y 7j+Ck Y IWhI3+CK S5 T =T 113 (B14)
j=d+1 j=no j=n
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By using the discrete Gronwall inequality, we obtain

n; . n; . . . . .
WY I3 +kv 32 IwWhE+ 32 182 (W) — kvAW!, +ku!, V!, +k VD3 )

J=n1 J=n1
1 n; . .
SCk|L Y 2j+k* 3 IIT/=T] 13 |exp(Cki) (B15)
Jj=d+1 Jj=ni

If h and k are sufficiently small, k = O (L~?), by using inverse inequality and noting that ik <<k N <T,
we obtain

n; . n; .
W llo+ 02 3 (Wl +kY2 3 11771l

Jj=ni Jj=ni
; 12 n ' 12
<C (k‘/2 > }V,) +C[k3 3 ||Tf—Td’||(%} (B16)
j=d+1 Jj=ni

Using Lemma 3.2 and (B13) yields

n; . . n . .
Iy —aly o+ k02 Y Ju) —w)li+kY2 3 (Ipl = pllo

Jj=ni j=ni
/ 1/2 "
<C <k1/2 > A,-) +CK? Y ) —u))y (B17)
j=d+1 Jj=n
If k is sufficiently small, for example, Ck<(v)!/?/2, by (B17) we obtain
n; . . n; . . l 172
= w llo+ kw2 30 Juy —wili+k"2 30l = pyllo<C <k1/2_2 AJ) (B18)
j=n1 j=ni Jj=d+1

Combining (B18) and (B13) can yield (28).
Next, we consider the case of n ¢ {ny,ny,...,np}. lfn¢{ny,no,...,nr}; we may as well suppose
that t, € (t;, tn,,,). Expanding uj, pj, and 7} into Taylor series with respect to #,, could yield

ouy(&y)

T =u, —nk , els, ¢
uh uh n (3[ él [ n]
n; opr(&)
pr=rp), —nk phat 2, SHely, ] (B19)
_ oT,
Ty =T, —nk ha(t@), &Gelti, tal

where # is the step number from #,, to #,. If snapshots are equably taken, then n<<N /L. Summing
(B11) and (B9) from n to n;, n, and using (B19), if |0uy (&1)/0t|, |0pr(Ey)/0t|, and |0Ty, (&3) /0t
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are bounded, by discrete Gronwall inequality and Lemma 3.2, we obtain

||n2+k—1 n2+§: 12
talloFkvy | l7gli ITal

Jj=ni

n; . . l
<Ck Y |w)—w)P+CkL Y 2;+CK3N?/L? (B20)
j=ni j=d+1

n; . n; .
2 2 J 2 2 J2
AR e St BN PA T Sl AT
J=ni J=ni

) L . .
<CkL Y. 2j+CIKN?*/L*+Ck* Y 1T —T] |1} (B21)
Jj=d+1 j=ni

If k=0O(L™?), then by (B20) and (B21) we obtain

—172 &
A e NLATE A SR AT
Jj=ni
. 1/2 ; 1/2
<CEV2 Y wiiR| +C (k' %l,@- +Ck (B22)
j=ni j=d+

n; . n; .
Wi llo+ G0 2 [ IWh i+ 32 1wl [+k | 1713+ 3 1113

j=n j=1
, 172 . 1/2
<C(&'Y2 Y 4j) +Ck+CE2| 3 173 (B23)
]=d+l j:n1
Combining (B22) and (B23), by Lemma 3.2, we obtain (29). O
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